oot obooboond
—gobobbobooobobobbuoooobobboooa

10000 00 00

10000 0000000 100ooooooon
O30 0000 000 1-1-1 goooooodo
(yuichi@is.tsukuba.ac.jp)

gboo:boooo,ob0ooooboobooooboooobooboobobooboOoboooon
00o00o0o0oO00.0o00o0,000000,000,000000000,0000 (transcript)
goo,00,0000000000000b000b0. 00000 bOO00oboOoo0obO0O,00b0000b0
oboooobooooboobobo.oboboboooboboooboobooobOobOo,0b000D000n
goopoooOooooo.ooooooo CNNOOoOOoDbOooOoooDbooooboboog,ogo
gpoooo.

gobgbo:-booboo,boobo,obboboob,obooboobooboon

Content Extraction from News Video

— Video Summerization by Image and Language Analysis

T Yuichi NAKAMURA, i Takeo Kanade

T Institute of Information Sciences and Electronics, University of Tsukuba
T The Robotics Institute, Carnegie Mellon University

Abstract: Spotting by Association method for video analysis is a novel method to detect video seg-
ments with typical semantics. Video data contains various kinds of information through continuous
images, natural language, and sound. For videos to be stored and retrieved in a Digital Library, it
is essential to segment the video data into meaningful pieces. To detect meaningful segments, we
need to identify the segment in each modality (video, language, and sound) that corresponds to
the same story. For this purpose, we propose a new method for making correspondences between
image-clues detected by image analysis and language-clues detected by natural language analysis.
As a result, relevant video segments with sufficient information from every modality are obtained.
We applied our method to closed-captioned CNN Headline News. Video segments with important
events, such as a public speech, meeting, or visit, are detected fairly well.

Keywords: news video analysis, content extraction, spotting by association, video summarization



1 0000

Informedia 000000 [WKSS96] OO, 000000
o0oooooooo0ooooooOo,oo00o,o00
oobo0O0oO0oO0o0oO0boboo. 000,b000000000
000000,000000/00000 (000, “el
me about mad cow disease”) 0000, 0000000
O00ooO0o0ooooooooooooon.
000000000000, 000000000000
00oo0oo0oo,000000000,00000
o0o0o0oo0oooo0oooooOooooooon. oo
0,199%-9600000000000000000000
0000000000000000000000, “Mr.
Clinton” O “Ireland” OO0O0OOOOOOO,00000
00oo0oOoooooooooooo. 000,000
0000000000000, 00000000000
00,000000000000000O0DOO0O0O00OO
oooo.
o0boooOoooooooOooooo,0o0000o0
0000000000o00000o00 (b0oo0)oo
000o00,000000000000000000,0
o0ooO0oo/opo0ooooooooo. 0ooo,oo
000o00o0,000000000,00000000
O0o0ooo0ooooooooOo,0o0oooooo
000000000 (transcript) 0000000000
0. oooooO0oO00,00000000000000
0. 00000000000, Zhang0DOO0O0OOOOO
O000oo0oooo0oo0oo (key-frame) 000D OO
00000000 [ZLSW95]. 00, Smith 00O, TFIDF
0000000000 (ooooo,000)0ooo,
0000000000000000,000000000
0o00oUooooo0OoooUoooon [SK97. oooo,
oo0000oooo0oo0oO00oO0oo0ooo,o00000
00000000ooo0o00000o0oo,o0000
ooooooo.
ooo,00000,00000000000000.
O000oo0O00oOo0o0ooOooooooooooo
00bo00.000,0000000000000O0O0O
00oo0o0ooo0oooo.o00o00,00000
0000o00O000O000o0o000ooooo0ooon
000.000000000000000000000
00,00000000000000C00O0000000
oooo.
o00,000000,0000000000000O
O0000o00,0000000000000000000
00000,000000000000000 (Spotting
by Association) 00000000 . 000,00000
00000,0000000000000000000
000o0o0o00,000000000000000,00
0,00000000000000O00ODODOOO00OO

ooooboooog.
gooooabo,bogboboooboaboao,bd,d
gboobooboobgoooboboboobo.

2 Jooooobuooooobobn

2.1 000000O00OO0O0OO0OO0O0OO0OO0
000,0000,00000000,00000000
0000000.000,00,00000000000
00000000000, 000,0 1()0000, O
00000000000,00000000,00000
000000000000000000000. 000,
0000000000 (b)0000,000000000
0,0000000000000000000 (0000
ooooooo)oooool
000,00000000000000000000,
000000000000000000000. 000,
00,0000000000000000000000
000000000. 000000000000000
00,000 CvV00000000000O,00000
00 1()0000,0000000000. 000, O
1(c)0000,0000000000,00000000
0000,00000000000000000000
0.000,00000000000000000000
(transcript) 00 0000000000000. 0000
00000000000000,0000000000
000000000, 000000000000000
00,0000000000. 000, “They say ...” O
000000000000,000000000000
00000000000000.000,0000000
000000000000000000000000.

2.2 Spotting by Association
goooo,bbiobuoobooboooboon
00000000000 (Spotting by Association) O O
dod.oooooo, oo ooooooo
gbo,b0boboooboobobobobob.oboo
o,jgbobooobbooboboooobbooooog
oobooobooboooboo 20booboo. o
oo,000o0bobobuoboboboo,ooooo
goooooooooob. oooboooooboooon
dododooooodooo,ooo,0boooboooon
googbooboboobooboobobooog
googooog.
ooooobo,0o0obobobooboobo,bobo
oooobooboboooboobuooboboooobog
ogooooobooo. oobo,o0200b0ooo,od,
go,d0d,0n0booooobou,goobobooooon
agoo.

l0po0O000000000000D0000000000.



(a) (b)

() (d)

O 1: Example of images in news videos

0 1: Clues from language and image

language clues
SPEECH speech, lecture, opinion, etc.
OPINION
MEETING conference, congress, etc.
CONFERENCE
CROWD gathering people, demonstration,
PEOPLE etc.
VISIT/TRAVEL | VIP’s visit, etc.
LOCATION explanation for location, city, coun-
try, or natural phenomena
image clues
FACE human face close-up (not too small)
PEOPLE more than one person, faces or hu-
man figures
OUTDOOR- outdoor scene regardless of natural
SCENE or artificial.

663 INVESTIGATORS NOW SAY HE IS
693 A POSSIBLE SUSPECT IN OTHER

3044 MR. CLINTON SAYS THE TIME IS
3044 RIGHT FOR PEACE IN BOSNIA.
3255 >> | BELIEVE WE HAVE

3285 A BETTER-THAN EVEN CHANCE

=

:/‘1

/ Keyword Detection

\ Face Detection

SPEECH/LECTURE Images SPEECH/LECTURE Texts

\ Making Correspondences /

SPEECH/LECTURE Description

Who said what, when, and where ?

Mr. Clinton

MR. CLINTON SAYS THE TIME IS
RIGHT FOR PEACE IN BOSNIA.

>> | BELIEVE WE HAVE
A BETTER-THAN EVEN CHANCE

O 3: Basic idea of Spotting by Association

goodobbbbooooobbbbooog o 3
O00. 00000,000000000000 (O 1)
000000000000 (poster frame) 000000,
OO0 key-imageOO0O. OO0O,000000000
O0O0O00 (0 1)000000000000 (transcript)
00000, key-sentence 00 0. 00,000 2000
00000oO0o0ooooo (bP)0DO00O00OO0OO0OODOO
ubooo,b00o00oo0boboboboooboooboan
uboo0. oboboboooboooooooooooobooon
gbooooooooobo. 0D30boboooooooon
OO0O000000, key-image0 0 0O0O00OO00OO0O, O
gogoobobbooooobobboooooboboobod
gogoooo.

3 Uooouooogn

00000000000 (closed-caption) DO OOOOO
oo0DoO0O0000ooooooooooDooOOo. oooo
0,000 MPEGOOOOOOOOOOOOOOooOooOoOo
Oooooooooooog.
oooooooooooo,00o0oocooooon,
000 key-sentence 00D O0. OODOOODOOOOO
oo0oooooOooooooogoo,0oogooogo
Oo0oo0ooooooo,00oooooooooo, o
oooooooooooo.

3.1 0oooooooood
oobooooobooooboooboboooobo, oo
oobooboobooboboooboobobo. oboo
ggodooouooooo, o0 ogggdgd
gogo.gbobo,b0300gooboobo,ogobooog
gooobbbooooobbobbuooooo.
oooobgoon:

agree, express, etc.
gooood:

etc.
gooo,oobbbboooooooobbbobboo
000D0000D0000o0oDooooooogog. CNN
Headline News OO0 0000000, 00000000
gbooobogoo.oooo,oo0oboboboboboog
goooodb.ooooboooobobooobo g
2000. 00b0O00b0,0bo0oo0bboooboboa,
gogoboooboooogoooo.ooa,goo,bood
ggodgodoouoo, oo ooggd
goboobooboo,bogobboobo.goobg
ooo, “say”, “I"00000000O000DOCO0O0ODO
googobooooboob.ooo,obo,0oboboo
ooooooobo 3goon.

say, talk, tell, claim, acknowledge,

I, my, me, we, our, us, think, believe,

3.2 O00O00O0O0O0OOOOOO0O0O0

020000000000, “ak’ 000000000
000000000000000000000. 000
00000000, “peace talk’ 0000, 000000
00000000,0000000000,000000
00000000000000000000.00,00
0,0000000000000000,0000000



SPEECH/OPINION & FACE

Who spoke what?
Where?

Who met whom?
What subject?

MEETING/CONFERENCE & PEOPLE OUTDOOR SCENE & LOCATION

Where?
What event?
Who visit where?

O 2: Typical situations

O 2: Keyword usage for speech
Indirect Narration
[ word [ speech [ not speech | rate |

say 118 11 | 92%
tell 28 3 | 90%
claim 12 6 | 67%
talk 15 37 | 29%

Direct Narration or Live Video
| word [ speech [ not speech [ rate ‘

I (my, me) 132 16 | 89%
we (our, us) 109 37 | 75%
think 74 15 | 84%
believe 12 10 | 55%

O 3: Keyword usage for meeting and visiting
| word [ human meet [ others [ rate

meet 31 9 | 78%
see 15 59 | 20%
| word [ human visit | others | rate ‘
visit 21 1] 95%
come 30 62 | 32%

000000000000000 2 0000,0000

gboobgoobooobobo,oboobobooboo

goob.gbooooboboo,gboboboboo
ubobooobooboooooobob,boboboon
goooooo,boooogon.

gooo,b0o0o0000ooooooo,o0,o0, o

ooboooooooooboooobo.oobobooa, o

ob040000000000.

1. 0g0obbooooboobo,0obboobbooon
ooooo0o. 0bO, 4alk00O0O0OooooDOd
gbo,b000000000000a0.

2. 00000 (0DO00)0UCOOU0bOOoOO0,00OO
oo0bDOo0oDOo0oDOo0ooOoOoD. 000, “alk” O
gubooooaoo,buooobobuodabboaaon
gobobooobooboo,obbooobbooon
gboboooo.oobobo,oboboooogn
gbobobooooooboooooobgobo. ooda

20000 SFODOO00,0000000000000000000
0.

O 4: Conditions for key-sentence detection

| type [ condition ‘

SPEECH active voice and affirmative, not fu-

OPINION ture tense, subject as a human or a
social group, not “it”

MEETING affirmative, not future tense

CONFERENCE

CROWD affirmative, not future tense

VISIT affirmative, not future tense, sub-

TRAVEL ject as human, at least one location
name in a sentence

LOCATION preposition (in, at, on, to, etc.) +
location name

00, WordNet[Milo0] 0 00000

3. 00000,0000000000,00000000

oooo.

4. “in”, “o”, “from” 00 O0O00OOO00OOOOCOOCOO

oooboooobooooobooboobogoo,bobg
gbooobooooobooooboooboobooooa
goo.

3.3 0Ooond
O0000000000. 00, Link Parser 00000
000000 [ST93]. DO 0OO0OO0UOooOooooooo
O,00000o00ooooooooooobogooogoo
ob0.000,0000000000000D00,80
goooooo0ooOo. oooooo,0o000o0o0o
O,00000000000DO0000D.
oOo,0000000000000000.0000O
oo0o,000000400000000.0000D00OO
OO0ODDDOOO key-sentenceDO00. OODOO,050
00000000oo0o. 00000 (X/Y/Z)o Xooo
goooooooOooOo,ybooooooooooooo
oobo0o0.Z000000000,000 key-sentence
ooooobooooooo.

4 000000000

0000000000000000000000000
0000000,0000,0000000000000
0.00,0000000,00000000,00,00



O 5: Key-sentence detection result

|

[ speech [ meeting [ crowd [

visit [ location ‘

Videol | 40/3/1 | 20/1/0 | 33/4/0 | 41/33/0 | 89/59/5
Video2 | 28/3/0 | 22/6/0 | 24/3/0 | 39/34/1 | 65/39/2
Video3 | 34/5/1 | 15/2/1 | 22/2/0 | 39/33/0 | 70/50/4

O 6: Usage of face close-up
| video [ speech [ others [ total ‘
Videol 59 10 69
Video2 80 12 92
Other usages are personal introduction(4), action(2),

audience/attendee(3), movie(2), anonymous(2), exer-
cising(2), sports(1), and singing(4).

gboooboooboooobgon.

4.1 Key-image
o0oo0oo,0 (00000 D),0000,00000
300 key-imageOOO. O0O0O,3000000000
oobbooooboooboboooobobooon O 6+
os8spoog.
gooobooboboo,bo,0obobobooobo
goooooooo. bo,0booboobooon
odooooooo4000.000000000,07
goobogoobooboo,0goobooobobooooo
gbobobobobobo,boobob,boboooo
ooobooooboo. oobbboooo,oooobo
00000000.00000000, “people’ 0, 00
goobdoooooobobooooboo. obooon
0 dso0d.oonooo,o0oo,0g,oooon
doodoooboooobooooobo. oobooooo
gooobooo,ooobboooboobooo. obbo
gobooobobobobob,ob,bobooooo
oboobo,00o0bo,obobooboboobooboooog
o,0dbood.obgo,boobobouooboobooog
ooooooo,08o0oooooooog.
goooooboooo,ggooooobo,bood
gobooobooooobobooobobooooobo,bo
goboobooobobuooboobobooboo. oo
g, j0oo0ooobobobobobobooooob, oo
ooooboooboobooboooa.

4.2 Key-image [ O[O
oo,000o0ob,0obobooooobobobog
goodooboooboooooboo. oogoo
000 (000D 1000000)000000000O0
000000 [SH95, HS95). 00, 000000000
gbo,0bboobooobooboan.

ooDO0O0000000: O0O000o0D0D0O RawlyO
00000000000 000 [RBK9). 0000, O

O 4: Example of people images

O 7: Usage of people images
| video [ meeting [ crowd [ total ‘
Videol 16 16 32
Video2 9 43 52

obO,0000000000000DbO000bO0bOO0
uboood,oboooooboaboobg. oboooaoo,
gboobooboosbobooboobon.

o0,000000000:. DOoDOOoOoboooooo
oooobo,booooboooobooo.boo,oon
0000000000000 RBKYG|DOOOOOoOO,
oboooboooobooooboboooooooon
ob.00o0,00b00b0o0o0o0,0000b0oooon
obooboo,000b00bobooooobooboobgon
o0o0. bobooboooboooobooooooooo
000000,0000000,0000000003.0
gooobooboooboobooooboobooog.

5 DPUOUOUOOOOO

5.1 OUOOOOOO

Ooooooooo,00ooooooooooooon
O key-image O key-sentence DO O 0O0O. OO0, 00
00000000o0oooOooooo,0o0o0uo (bP)O
O00.00000000O0O0O0OO,00000000
Ooooooooooooooooooooooooon
gooo0o.00,000000000ooooooooo
oooooo,00o0ogoooooooogooogoon
O00.000000,000000000000000
00,000 DbPOC0OOODDOOOODOOOOOO.
o000do,00000ooouo(P)ooooon.

P="" Skip,(j)+ Y Skipi(k)+ Y Match(j, k)
jesn keln jES kel
oo0, s, I000000000000, 000, Sn,
In00000000000D0000,00000. Skip;
0,0000 ()00000000 (0000000)0
0000000, Skips 0000 (j)000000000
00000000, Mateh(i,§)0,0000 () 00 (5)
0000000000 (00000)000.

30000000000000000,3000000000000
Oos5000000000.



O 5: Example of outdoor scenes

O 8: Usage of outdoor scenes
| video [ outdoor scenes ‘

Videol 34
Video2 39

guoobobuda,bbogaobobooaaboboad

g,0obooboobooboobob.bgob,obo
gboogbooboboobooboobobooog
gooobo.oboooobooooboooob 20
O00o0o0ooO0.0o,00000,0000000 (O
000)0000o00oooooooooo.

5.2 0O0OOOOO
SkipO00OOO0O (Skip): 000 Skip, Match OO0
000000,000000000000000000
0000000000,0000000000000.0
000,000000000000000000000
0000000000,00000000000000
0oo00000ooo.
00,000000,000000000 (Eiype) 00
0000000 (Eue)0000000000000.

E= Etype - Faata

o000 “0 (f)’00000o0ooooooooooo
goooogoo.

E = Eyype(FACE) - Etace(fi)

Fiyp 000000009000, Ere(f;) 00,0000
0000000 clese-up00000OOOOODO. OO
ooboo,bdd0bbdoboboooboboooog
OOO000OD0OoO0OD. 000, key-sentence 100000
010000. 0 key-sentence 1, 00, 000000, O
goooboogoooobgoon.

0000000000 (Match): key-image O key-
sentence 00000000, 0000000.
MatCh(lvj) = Mtime<i7j) . Mtype(ivj)

000, Mime 0000000000000, Miype 00
00000000000000. ¢;0 d,000000
00000000 (0000ooooooon).

O 9: Example of cost definition

key-sentence: speech 1.0, meeting 0.6, crowd 0.6,
travel/visit 0.6, location 0.6

key-image: face 1.0, people 0.6, scene 0.6

0 10: Example of sentence cost definition
1.SPEECH/OPINION

keyword’s part-of-speech:

verb 1.0, noun 0.6

subject type: a proper noun suggesting a human or a
social group 1.0, a common noun suggesting a hu-
man or a social group 0.8, other nouns 0.3

2.MEETING

keyword’s part-of-speech: verb 1.0, noun 0.6

subject type: a proper noun suggesting a human or a
social group 1.0, a common noun suggesting a hu-
man or a social group 0.8, other nouns 0.3

verb semantics:
other verbs 0.8

verbs suggesting attendance 1.0, the

Min.0000000000. 00,0000000
00000000 (4,)0,0000000000000
000000 (ds) 0000, Mype 000D 11000.
000, By 0000,0000000000,000
000000000.00,0000000000000
0,00000000,000000000000,00
000000000,0000000000

6 Udg

00000000000, CNN Headline News OO O 6
0O((@QOo0o0300,0300)0000.000000
oobOOo00obOOo,000b00o0o,00ooobogoo
O,00000b00Db00000bOO0obOoo,boooo.
goo0obOdoooooooooon.
00000000000 (Videol)DODOOOOO, key-
image 167 O, key-sentence 12200000, 00000
oobD ey, 000000000ODbObOskU0bUbO0.deO
PpO0O0CODOOOOODOODOOCOODO.
600000000000DO0O0O0O00 12,0 1300
O.30000000000DDOO0,0wmOo00000O
(key-image O key-sentence 0 0 )0 0000, 0000
ooOs000000000000CD.O00,0000DO
O0D00DO000000,0000000 key-imageO
00 key-sentence 00O O0O00OD0OOOO. OO,CMOO
00000000000 0000,00000 key-image
o00OOo0o0ob0O.o00,000o00obboooboOoooo
0000OOooOOoo00o0,b000ob0o0oo0booboooon
goooooo.
e [ (key-image) 0O DO OO.
e JJUIDOODUOUDDODDOUUDDDOUDDOD.
e key-sentence D OO0 0O0O. OOOOOOOOO key-



0 11: Matching evaluation for type combinations

speech | meeting | crowd | visit | location
face 1.0 0.25 0.25 | 0.25 0.0
people 0.75 1.0 1.0 0.5 0.5
outdoor| 0.0 0.25 0.25 1.0 1.0
scene

Polica Invsstigator Paopls
o e v
bued sayha placad
the =a them

formsr  pozsibl  togethsr
ct  onat

cheerlsader zuzps come  come  over
in the in kast  kast  kast fomad fomad  sabak

do not ] a o
back  taking  stats o

-~ &0 0 =3 s 11 10 o0 212 210 2m %
Gl e el (it Gede) Griins) gees) qeien gaRbe (i) it G

O 6: Correspondence between sentences and images

sentence 10O DO0ODO0DO0OO0O0OO0OOOODOOOO.
gooboooboog,oooboooobobooooobo
gboooboooobooooboboobooooon
o,oo0ocoooo,boocoooboooon.
e JO00ODO0ODOOO,O0O0,000000DO0O0O0,0O0
obooobooboooooboooooon.
e JO000ODOODODODOOODODLODL,ODbODOOO
ooboooooooooooboboooooooo.
e Business O 00000000, 00000000O
gbooooobooooboobooooobooo.

googo

0000 key-image O key-sentence 10 0000000

Oo0ooDooooooooooooooon.

0o0,00: 30000000000000000O0 25
gooodoo,70o0o0o0oodooooooooog
00,1000 300000000000O0OOODODO
0.000000,000000000oDooog, o
oooooooOoooooooo,000ooooon
000, 000000000000000000O. O
goooobooooogbovr,09000.0000
ooooo,00000000,00,00000000
0,0000,00000D000000. 0oOo,O07
o000, 00000000o0ooooooogoon
oooooooDoooDoOooOooooD,0o0oooo
o0oooooooo,00o00oooooooon
oo0oopooooooooooooooooo. og,

O 12: Spotting result 1 (six 30-minute videos)

type all | matched | correct | miss | wrong
A B C D E
speech | 292 226 178 40 48
meeting | 47 26 19 18
crowd 63 35 26 19
travel 15 8 7 6 1
location | 76 34 27 32 7
face 472 217 173 0 44
people | 220 84 63 0 21
scene 168 25 21 0 4

A is the total number of key-data, B is the number of key-
data for which inter-modal correspondences are found, C is
the number of key-data associated with correct correspon-
dences, D is the number of missing association, that is the
number of clues for which association is failed in spite of
having real correspondences, E is the number of wrong as-
sociation, 4.e. mismatching.

0 13: Spotting result 2
| [ face [ people [ scene ‘

speech | 199/165 | 24/12 2/1
meeting 9/6 15/12 1/1
crowd 5/1 28/25 1/0
Visit 1/0 i1 | 3/3
location 3/1 13/10 | 18/16

Each figure (X/Y) in the following table shows, the num-
ber of found correspondences (X) and the number of correct
correspondences (Y).

obooooooo,b0o00o0o0o0oo0booobooobo
oo,08000.00000,0000000000
ooooo,0000boobooooboboobo. d
o,00oboooboooooobbooo,ooooo
gbooboobooooobooooboooon.
Ud: Dboboooobooooboooobobooooo
gooooo,boooooobooooboboo.ooooa
obooOooooooboobooboobooooono,bd
oboboooo,0b0o0bobooooboooboobo
goo.0oo,0o0goooobooobo,boboooo
gooooooooboooooboooboobooooo
gboooboo,obooobooboobooooboon.

7T 0o

ooooo,0000b0obo0obobooo0ooooooo
O000000O0DO0O0O0O0O0O00O0. 00000 key-
image 0 00O, key-sentence 00, 000000000
O000O. CNN Headline News O OO O OQOGOQOOOO
0,000000000D000000000O00DOOon
00o0o0do0opDooUooDOooD. ooogooooo
oooooooDOoooooooooooo,ooooo,
o0,000000000000C00oboDOobooooo.



Tomorrow, mr. clinton talks peace in another part of europe.

SeeRE D R

(NIL * “TRAVEL ) (NIL* -LOGATION )
Itripl lsiand |

{ :SCENE * :LOGATION |
st |

He traveks o befiast on a
@mund-breaking tip.

He's axpectad to uigs sinn
fein's gerry adams and ather

Beliast & preparing for
it first-ever visit from

‘american prasiant.
plan for narthem island

And sven befors it
offizially begun, the visit

dad a
reason to gst the northarn

(:SGEMNE * “TRAVEL )
banrkars | baffast |

iland pascs procsss

maving

MEETING
PEOPLE

{:PEOPLE * :GROWD |
Mussday night tha.

Tuesday night, the brith

{:PEOPLE * :GROWD |
Ipsopls (many psopk | .

In the precominanthy

and irsh prime minsters  catholic neighbarhood akng
agmed to bagin sxphiatory  the falk wad, many psopk
talkz with unnft 2nd
nationalt pariss in Bts

saamanthusiasti.

SPEECH
OPINION

E * :SPEEGH ) FAGE * :SPEEGH |

(PG (
Iclinton (. clinton |1 Muesday night the.
Tomorow, mi.clinton talks  Tussday night, the britih
peace in another part of and iizh piims ministars
agmmad to bagin skphatary
4alks with Unnist and thats new.
natianalist partiss in i

(:PEOPLE * :SPEECH }
Hizin and unianist

Both inn fein and uninist

(:FAGE * :SPEEGH
lfzin and unianist

&2 stall Ther &
1he bitish wil stick o
their positian and that ws
will and up in another

(FAGE * SPEEGH ]

Ireynokls | peopk (many,

1 zame body with that much

the situation hee i most o comes over, they'e
baund 1o Isten o him.

FAGE * :SPEE
Ireynokis | americ
1 think its for put

(:FAGE * :SPEEGH
lizin and unianit

FAGE * :SPEEGH |

{
Ireynokis | peopks (many,

Thers & aconcsm that# Horhem imland has becoms  Anything that wil improve

2 politcal foothall for the
heiping forard of clintan
and his elsction
campaign And the tan

hanast

O 7: News video TOPIC EXPLAINER (Category)

PLACE
SCENE

MEETING
PEOPLE

SPEECH
OPINION

0O 8 News video TOPIC EXPLAINER (category +
temporal order)

goo,oo0oooooooobo,bgbgoboooooo
ooooboooooag.

oood
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[RBK96]

[SHO95]

[SK97)

[ST93]

{ :FACE * SPEECH )
|politicians |...

{:FACE * :SPEECH )
|politicians |...

Morthern ireland has become
a political foothall for the
helping forward of clintan

and his election
campaign.And the two

There is a concern that it
is a stall. There is concern
the british will stick 1o
their position and that we
will end up in another

[ :FACE * :SPEECH )
|reynolds | american |...

[ :FACE * :SPEECH )
|reynolds | people (many...

If somebody with that much
power comes over, theyre
bound to listen to him.

| think it’s for publicity,
for himself to get the irish
vote in the us, to be
honest.
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